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We analyzed in multimodal Flickr posts how citizens express emotion in
response to the outcome of the EU Referendum that led to the Brexit vote.
We conceived a model that articulates three levels of analysis, in a bid to
understand how meaning operates, namely how inscribed, signalled and/or
supported emotion is expressed in narrative and/or conceptual representa-
tions, in image and in text, through logico-semantic relations of expansion,
projection and/or decoration. We tested this model empirically on a corpus
of 173 posts. Our results reveal that emotion is very often supported through
images and that narrative representations are particularly prevalent in the
text.
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1. Introduction

The results of the EU referendum in favour of Brexit in June 2016 were a surprise,
for politicians, media professionals, pollsters and, of course, millions of citizens
at the same time, in and beyond the UK. Indeed, nearly all EU referendum’s
polls failed to predict the voting intentions. While the relevancy of surveys is
now being questioned, quantitative stance and sentiment analyses have provided
insights about the dynamics of the online Brexit debate and its outcome (e.g.,
(Celli et al. 2016; Lansdall-Welfare, Dzogang, and Cristianini 2016; Del Vicario
et al. 2017). Supplementing these large-scale data analyses, we seek to identify the
patterns of emotional expression that followed the announcement of the Referen-
dum results with a model that comprises three levels of analysis. This with a view
to understanding how meaning operates, namely how inscribed, signalled and/or
supported emotion is expressed in narrative and/or conceptual representations,
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in image and in text, through logico-semantic relations of expansion, projection
and/or decoration. The paper is structured as follows: in Section 2, we briefly
review how emotion can be observed through affect, judgment and appreciation,
with the word or the text as unit of analysis on Flickr. We also define the notions
of visual symbols and tropes, and we outline three key challenges in text-image
analysis. In Section 3, the data collection and the method are presented. Section 4
comprises the results, followed by a discussion and a conclusion.

2. Theoretical framework

The presentation of the theoretical framework is divided into four sections. Firstly,
in Section 2.1., we first present Martin & White’s approach to affect, appreciation
and judgment (2005) and we point out how most researches on emotion exclu-
sively address affect through the analysis of denoted emotion terms. However,
people do not only use explicit emotion terms to express their emotions; emotions
can be expressed through judgment and appreciation, too. In Section 2.2., we out-
line Micheli’s model of inscribed (i.e. denoted), signalled and supported emotion,
which allows us not to confine the research to denoted emotion and to take judg-
ment and appreciation into consideration. In Section 2.3., we point out how visual
content in multimodal posts can be visual symbols and tropes that express emo-
tion. Lastly, in Section 2.4., we lay out four issues in multimodal research that
Bateman identified (e.g., 2014, 2017) and that we will address in our research
design.

2.1 Emotion in affect, judgment and appreciation terms

Martin and White (2005) divide attitude into three types of discourse semantics:
affect (expressing emotional reactions with explicit emotion terms, e.g., worry,
angrily), judgment (assessing behaviour through norms, e.g., mean, reliable) and
appreciation (defining value of things, e.g., relaxing, beautiful). Affect is com-
posed of emotion terms that only denote emotions. For this reason, they can be
identified based on computational linguists’ home-made lexicons or ready-to-use
lexicons, e.g. the Linguistic Inquiry and Word Count lexicon (LIWC). Such lex-
icons are used to determine the valence of tweets (e.g., Garcia and Rimé 2019)
but are also used to analyze specific emotions. For example, Alizadeh et al. (2019)
observed that left-wing extremists express more language indicative of anxiety
than US liberals, while US right-wing extremists express lower anxiety than US
conservatives.
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Moreover, emotion in multimodal artefacts is often only analyzed through
denoted emotion terms. For example, Bourlai and Herring (2014) manually ana-
lyzed text, image, and their combination in over 2,000 Tumblr posts. The pres-
ence, polarity and type of emotions were evaluated based on emotion terms in
texts (from the NRC Word-Emotion Association Lexicon) and facial expressions
in images. Helen Caple (2018) analyzed in 92 multimodal #dogsatpollingstations
Instagram posts how Australians expressed dissatisfaction with the government
and their endorsement of other political parties in the context of the 2016 Aus-
tralian federal elections. At the level of the text, she notably analyzed the voters’
preferences through the inclusion of certain policy issues or through naming cer-
tain politicians, and not others. In her analysis, emotion is only observed in two
posts, in which the dog’s master expresses the dog’s emotions with emotion terms,
e.g., ‘#billygraves wasn't too happy tied up next to #malcolm this morning and
had plenty to say when I was inside #voting’ (2018, 436). Emotion is not analyzed
in the visual content of this Instagram corpus.

Unlike affect, judgment and appreciation are more subject to interpretation,
given that they are often connoted rather than merely denoted. The LIWC com-
prises terms related to judgment and appreciation, but such lists remain particu-
larly subjective. However, even lexicons of emotion terms will, to a certain extent,
always remain subjective, as such lists are composed of prototypical, core, but
also of marginal occurrences that can sometimes be erroneously coded (Bednarek
2008,26). In the case of judgment and appreciation terms, it is even more chal-
lenging to draw up a list of core and marginal occurrences.

For this reason, many researchers on emotion in discourses seek to analyze
emotional practices only at the level of affect/denotation, even in manual research
methods, and do not include appreciation or judgment. However, people do
not only use explicit emotion terms to express their emotions (e.g., Harris and
Paradice 2007; Shaver et al. 1987), they can also convey emotions through judg-
ment and appreciation. Furthermore, people often share their emotions through
implicit emotional phrases that do not contain identified affect, judgment or
appreciation terms. Consequently, it is preferable to favour frameworks that com-
prise affect, judgment, as well as appreciation and that are not limited to denoting
terms. For example, Gaspar et al. observed how affective expressions of coping
with a food contamination incident revealed people’s two main perceptions of
the outbreak, namely as a challenge to cope with or as a threat (2016). In doing
so, they coded tweets according to Skinner et al’s coping classification scheme
(2003), which differentiates between 12 categories of coping strategies and three
adaptive function strategies. The authors underline the more qualitative nature of
this type of analysis, which entails an interpretation of the tweets, and not only
coding the presence of lexicon-based terms. However, the downside was that their
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inter-coder agreement was quite low: they agreed on 885 tweets for their corpus
of 2,099 tweets. As such, while this method is more finely-grained, it retains some
elements of subjectivity in the interpretation of the meaning of the tweets, which
makes it less easy to replicate than automated sentiment analyses.

Several researches on multimodality in (social) media are also based on an
approach to emotion that is not limited to denoted emotion terms. For example,
Korina Giaxoglou (2019) conducted a multimodal analysis of 230 #JeSuisAylan
Instagram posts, published after Alan Kurdi’s drowning in the Mediterranean in
2015, and pointed out the prevalence of the subjunctive mode (‘as if”), through
which people contrast this drama with possible alternatives for the three-year-
old child if he were still alive. Such reactions are considered as typical patterns
in expressing sadness and compassion and were visible in comments as well as
images of these Instagram posts. In her framework, emotional patterns are not
only identified through denoted emotion terms and comprise emotion observed
in opinion. Other studies do not focus on the emotions expressed by the authors
of (media) artefacts, but rather on their potential to elicit emotions in the readers,
like in Twitter images of the 2011 Egyptian revolution (Kharroub and Bas 2016) or
in the ways in which text and image are used to present the sufferer in news media
(Chouliaraki 2017).

Most of these researches are not based on any clear textual markers in dis-
courses. For example, in their analysis of the news storytelling on Twitter via the
#egypt hashtag, Papacharissi and Oliveira (2012) point out how “emotive tweets”
blend humour, news sharing, opinion, and emotion but they do not explain
the basis on which these four patterns could be identified, and rather consider
that “discerning one from the other is difficult and doing so misses the point”
(2012,2). Conversely, we argue that Micheli’s typology (2014) offers markers of
affect, appreciation and judgment that can be identified in relatively replicable
ways. We present his model in the following section.

2.2 Inscribed, signalled and supported emotion

Micheli (2014) distinguishes between inscribed emotion, which corresponds to
denoted emotion as mentioned above, signalled and supported emotion (émotion
montrée and émotion étayée in French, respectively). In the first type, emotion
terms are inscribed in discourses, like in Martin and White’s category of affect.
Inscribed emotion can also consist of fixed figurative expressions (e.g., my heart
sank) or psycho-physiological descriptions of emotional experiences, like in ‘my
voice trembled’ In Micheli’s approach to inscribed emotion, the words, but also
the sentences, are units of analysis.
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The second type comprises linguistic markers that conventionally signal the
speaker’s emotions: punctuation, interjection, intensifiers, swear words, etc. In
Micheli’s model, swear words fall within the concept of “affective meaning” (2014,
our translation). This notion is based on the distinction between referential mean-
ing and expressive meaning. For Lyons, expressive meaning is “the kind of mean-
ing by virtue of which speakers express, rather than describe [like for referential
meaning] their beliefs, attitudes and feelings” (Lyons 1995, 45). Lobner insists on
the “immediate expression of personal sensations, feelings, attitudes or evalua-
tions” in expressive meaning (Lobner 2002,35). Affective meaning is a subcate-
gory of expressive meaning and only concerns terms which indicate the speaker’s
emotion regarding the referred object of reality. Accordingly, using words that are
loaded with affective meaning signals the locutor’s emotions. Many swear words
clearly indicate negative emotions towards a referred person, for example. How-
ever, the concept of affective meaning is particularly difficult to use, given its
fuzzy nature. Indeed, this begs the question to what extent affective meaning is
firmly embedded in the meaning of words, and can thus be identified in replica-
ble ways. Despite this obstacle, Micheli insists on the relevance of the use of this
notion, which signals emotions and reveals their effects. Micheli’s model com-
prises a third approach. While signalled emotion concerns the effects of emotion,
supported emotion concerns its causes. In supported emotion, the speaker indi-
cates her emotions by eliciting a situation which is considered to be emotional
for her. Seven types of criteria allow supported emotion to be identified (Micheli
2014,115-118): persons involved, proximity in time and space, consequences and
their degree of probability, assignment of responsibility, control of the situation,
analogy with other relevant emotional situations and compatibility with norms
and values. It is important to note that it is not the situation itself that determines
emotions; these vary according to individuals, even in the case of stereotypical
emotion-loaded situations like school examinations.

These three layers of emotion - inscribed, signalled, supported — imply dis-
tinct methods of analysis. Indeed, inscribed emotion explicitly indicates the pres-
ence of emotion in discourse; signalled emotion needs abductive inference
through a downstream process towards the effects of emotion in discourse. Sup-
ported emotion needs deductive inference, upstreaming towards the situations
that caused the emotions (Plantin 2011,155; Micheli 2014,119). Reconstructing the
writer’s emotions through their effects or potential causes implies more subjec-
tivity than emotion labelling and can explain why most research only focuses on
inscribed emotion (Bednarek 2008,152). Nevertheless, by analyzing the three lay-
ers of emotion, emotion can be examined in affect, judgment and appreciation
with the post as unit of analysis. Furthermore, with such a research design, it
is possible to analyze beyond inscribed emotion. For example, Caple does not
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observe emotion but only judgment in the Instagram post with the caption “The
government is a greedy piglet that suckles on a taxpayer’s teat until they have sore,
chapped nipples” (Caple 2018). In our view, such a post does not contain any emo-
tion term (i.e. inscribed emotion) but rather vehicles of signalled emotion (with
the affective meaning of the piglet metaphor) and supported emotion, through
criticizing the government and their financial policies.

2.3 Visual symbols and tropes

In this research, we seek to analyze affect, judgment and appreciation in the tex-
tual as well as in the visual elements of our dataset of multimodal Flickr posts.
In her approach to “affective economies”, Ahmed points out how emotion is not
merely a private issue but aligns individuals with communities:

Affect does not reside in an object or sign, but is an effect of the circulation
between objects and signs (= the accumulation of affective value over time). Some
signs, that is, increase in affective value as an effect of the movement between
signs: the more they circulate, the more affective they become, and the more they
appear to ‘contain’ affect. (Ahmed 2004,120)

In our analysis of emotions in images, the circulation of emotion through visual
symbols and tropes is a central hypothesis. When emotions are difficult to pin
down or to locate in a body or object, they circulate more easily among signs and
are easily activated in specific contexts, like the fear of otherness exploited in pop-
ulist discourses or the different facets of patriotic love accumulated in the symbol
of the national flag. We argue that visual symbols and tropes can express emo-
tions through visual markers which are part of the collective cultural background.
Some of them can be used to symbolize various contexts and make emotion cir-
culate between objects and signs. Therefore, such visual content can particularly
accumulate affective value over time and plays a significant role in expressing
emotion. To test this hypothesis, we first need to specify our definition of visual
symbols and tropes. Visual symbols and tropes fall within the processes of “icono-
graphic symbolism” and “metaphorical associations”, respectively, as Machin
argues,

Visual elements can also mean, not so much by transport of meaning from
another domain, such as in the case of a thick line on a page being used to repre-
sent something durable [i.e. metaphorical associations], but because they have
come themselves to represent particular ideas or concepts [i.e. iconographic sym-
bolism]. (Machin 2007,39)
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Emblems, such as national flags, are symbols through iconographic symbolism,
as are “symbolic attributes” (Kress and van Leeuwen 2006,105) such as apples,
crosses, crowns, etc., described by art historians for centuries.

In Machin’s definition, metaphorical associations generally imply some trans-
fer between two domains. While a narrower definition of metaphors might be
more appropriate (Bateman 2014,181), this definition is relevant to analyze the
more general category of tropes. The visual tropes in our research design can con-
sist of one of the four master tropes, i.e., metaphor, metonymy, synecdoche and
irony (Burke 1969).

Previous research (Bouko et al. 2018), in which we coded the types of images'
in a corpus of Brexit-related Flickr posts, revealed that 12% of the visual content
falls within the category of visual symbols and tropes. We also coded these posts
according to five categories of interpersonal functions. These functions are
inspired by Halliday and Matthiessen’s approach to systemic functional linguistics
(2004) and consist of information sharing (journalistic or personal information);
self-expression (personal points of view and/or personal analyses); eye-
witnessing (i.e. sharing pictures of observed events, in private or public spaces);
sharing personal moments (e.g., personal moments like eating a post-Brexit con-
solation cake) and word play involving the term Brexit. These categories are not
mutually exclusive: people can express their opinion through word play when
they write jokes about politicians, for example. By contrast, a post which is only a
play on the word Brexit falls within just the category of playing, because there is
no appraisal. In self-expression, people can express their emotions through affect,
judgment or appreciation. Our previous research revealed that 43% of the posts
fulfilled a function of self-expression (personal opinions, emotions or analyses
regarding the vote). 23% of these posts contained visual symbols or tropes (173
posts). Therefore, this type of visual content is more frequent in posts with self-
expression than in the posts of the corpus in general.

As we know, a metaphor “is not a figure of speech, but a mode of thought”
(Lakoff 1993,210) which is also based on cultural conventions: the transferred
properties between the source and the target domains somehow need to be inte-
grated into the definition of the two domains, specific to cultural contexts, to be
understood. As we will discover, many of the Flickr posts of our corpus comprise
creative tropes that do not belong to cultural conventions (yet) and that need tex-
tual explanations to be understood by the readers.

1. Tuse the term image here as a cover term for the visual component of the post.
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2.4 Four key challenges in text-image analysis

According to Bateman (e.g., 2014, 2017), most research on multimodality pertains
to (at least) four major issues. Firstly, the empiric relevance of — sometimes very —
abstract models is often questionable. Indeed, problems often arise when we
attempt to apply a framework to a concrete corpus of artefacts. Most researchers
illustrate their models with one or two examples but seldom empirically fest it to
a corpus.

Secondly, determining the unit of analysis in visual content remains a key
issue. Unlike models that are based on identifying all the visual message elements
prior to specifying connections with texts or with other images (e.g., Royce 2007),
Bateman insists on the necessary multiple back-and-forths between text and
image in order to identify the relevant participants in meaning making. Indeed,
the verbal and visual components cannot be analyzed independently; meaning is
often understood through the interaction of both elements of a multimodal arte-
fact.

Thirdly, most models take the form of classifications that allow us to identify
the broad range of text-image possibilities but say little about how these combina-
tions operate to create meaning.

In order to gain insights into how meaning operates in text-image relations,
we will make use of three models that allow us to encapsulate discourse semantics.
Firstly, Micheli’s typology of layers of emotion will help us outline how text and
images can be used to express emotion. Secondly, we will make use of Kress and
van Leeuwen’s distinction between narrative and conceptual representations:

Where conceptual patterns represent participants in terms of their class, structure
or meaning, in other words, in terms of their generalized and more or less stable
and timeless essence, narrative patterns serve to present unfolding actions and
events, processes of change, transitory spatial arrangements.

(Kress and van Leeuwen 2006,59)

Narrative and conceptual representations are concepts that can be observed in
text and image (without any strict equivalence, though): narrative representations
can be realized in visual narrative processes as well as in linguistic narrative
clauses; conceptual representations share similarities with conceptual structures
in language. Conceptual representations are divided into classifications (i.e. tax-
onomies between participants), analytical processes (part-whole structures) and
symbolic processes (e.g., symbols and tropes). The points of contact Kress and
Van Leeuwen (2006,109-110) outline between visual conceptual processes and
relational attributive or identifying processes in language (Halliday 1985) are par-
ticularly significant for this research. In attributive processes, the carrier-attribute
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relation consists of ‘a is an attribute of x Intensive attributive processes concern
structures that indicate what a carrier is. Circumstantial attributive processes
refer to ‘where, ‘when’ and ‘what with’ the carrier is (e.g., their suitcase was in
the blue car). Possessive attributive processes concern what a carrier has (e.g.,
she has the strangest haircut of the village). In identifying clauses, two entities
are related through a relation of identity, namely ‘a is the identity of b’ one
entity works as the identifier and the other entity as the identified. This identity
process is reversible, e.g., George is the teacher or the teacher is George (Halliday
and Matthiessen 2004, 210-248). Thirdly, the relations between narrative and/or
conceptual representations in the visual content and/or the textual parts of the
Flickr posts will be further analyzed with Kong’s adapted taxonomy of image-text
logico-semantic relations (2006). In this model, text-image relations can consist
of expansion, projection or decoration. Expansion is further divided into elabora-
tion (no new information), extension (new information) and enhancement (new
information by specifying circumstances, such as spatio-temporal context, man-
ner, justification, motivation, etc.). Elaboration comprises explanation (in other
words), exemplification (for example), specification (to be precise) and identifica-
tion (namely). Projection comprises projected speech or thought. In decoration,
new but omissible information makes the text more attractive, without any under-
lying purposes.

Fourthly, most models fail to consider materiality as a fundamental and inher-
ent component of any multimodal meaning-making (Bateman 2017,167):

Kress and van Leeuwen, for example, while fully accepting the centrality of mate-
riality for any complete model of signification, nevertheless see semiotic modes
as emerging when they ‘transcend’ material distinctions, becoming sufficiently
conventionalized to develop ‘grammars’ independent of particular material sup-
port. (Bateman 2017,167)

To grant materiality the key place it deserves, we turned our attention to the mate-
riality of semiotic modes on Flickr. The constellation of materialities on Flickr
is composed of the following default display: the central zone, dedicated to the
visual content, is situated in the upper part of the post. The zone under the image
includes the members’ names and their profile pictures, the tags, as well as the
number of views, faves and the comments left by other Flickr members. The two
most important writing spaces are the title and the description zones. Some Flickr
affordances (faves, comments, tags) enable social relations between the platform’s
users. That said, not all of them are used in practice. For example, Barton (2015)
observed that most tags are created by the photographers when they upload their
pictures, even when, by default, anyone can add tags at any time. In our corpus,
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comments and faves were particularly rare and were not taken into account in the
analysis.

Such material canvas has been designed for well-defined semiotic modes and
for specific text-image relations: texts were intended to give a title or describe the
visual content. However, the use of these materialities has evolved since the cre-
ation of Flickr; its users have got to grips with them to create meaning beyond the
initially defined semiotic modes. Founded in 2004, Flickr has centered its strat-
egy on the sharing of images from the very beginning. Initially conceived as a
chat room which made it possible to share pictures instantly, Flickr first devel-
oped its role of image repository. For some, this role is still the predominant one
on Flickr: “if Google is an information retrieval service, Twitter is for news and
links exchange, Facebook is for social communication, and Flickr is for image
archiving, Instagram is for aesthetic visual communication” (Manovich 2016,11).
However, Flickr evolved as a fully-fledged social network, enhancing interactions
between the members of the platform. “Share your photos. Watch the world”,
Flickr’s slogan for several years, showed how Flickr built on the collective experi-
ence - in reality a rather ‘connective’ experience (Van Dijck 2011) — which is con-
structed through sharing visual records of the world. Around 2005, Flickr was the
ultimate platform to share images of catastrophes, such as the bombing attacks
in London or the floods in Australia (Liu et al. 2008; Vis et al. 2014). For several
years, Twitter has overtaken Flickr as the ideal platform to share images of events
in real-time (Burgess 2011) and Flickr has developed other image uses. Flickr’s
current slogan illustrates this third shift: “Find your inspiration. Join the Flickr
community, home to 13 billion photos and 2 million groups” This slogan focuses
on the passion for photography that the Flickr members share. The Flickr com-
munity no longer seems to be built around photographic records of the world
but rather around a passion for aesthetic photography. With the current slogan,
expression through photography seems to explicitly supplant photographic con-
tent. Whereas many Flickr members are henceforth “photo lovers” (Seko 2013,3),
exploring form prior to content, others still centre their visual posts around real-
time events. For example, by comparing images posted with the hashtag #ebola,
Seltzer et al. noticed that the images posted on Flickr were “more serious and lit-
eral” than the ones on Instagram (Seltzer et al. 2015,1275). This seems to reveal
that in such context, the Flickr members were more interested in sharing visual
records of that kind without aesthetic explorations.
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3. Data and method

3.1 Data collection

In previous research (Bouko et al. 2018), we collected all the English language
posts containing “Brexit” in the text or as tag published on Flickr between June
24 (the day of the announcement of the referendum results) and July 23 2016.
All posts were anonymized. Every post was carefully analysed manually. Posts
which were not related to Brexit, despite the presence of the word ‘Brexit, were
removed from the corpus. All posts were analyzed but we presented the results of
a weighted corpus of 2,229 posts. In this weighted corpus, we only took one post
per series into account. Series are sets of photographs taken at the same place by
the same person during a short period of time and that comprise the same titles
and descriptions. A typical example of this is a series of fifty pictures of an anti-
Brexit march, taken and shared by one Flick member. The weighted corpus pre-
vented us from awarding disproportionate weight to images taken in series.

As mentioned above, self-expression was the most prevalent category of inter-
personal functions (43%). Within the posts coded as self-expression, visual sym-
bols and tropes were the most frequent type of visual content (23%). This explains
why we focus on posts containing visual symbols and tropes coupled with self-
expression in this paper.

We decided to analyze emotions in a corpus of multimodal posts shared on
Flickr because this social network might be more socio-demographically repre-
sentative than Twitter, the users of which tend to be younger than average and
are invariably men when engaged in political debate (Llewellyn and Cram 2016).
Besides, Flickr is not used very much by communication professionals (politi-
cians and journalists) and is not fuelled by bots, both of which are particularly
active on Twitter (Smith 2017; Varol et al. 2017). Lastly, Flickr is a smaller social
network, which enabled us to work on an exhaustive corpus.

3.2 Back and forth between image and text and between models

As mentioned in the literature review, this research is based on previous research.
In Bouko et al. 2018, we determined whether the visual content of the post con-
tained visual symbols and/or tropes. We noticed that most of these posts are
composed of one central element, a “nucleus”, and sometimes of subordinate
units, namely “satellites” (Mann and Thompson 1988). In such cases, it seems
easy to identify the “visual message elements” (Royce 2007) that can be consid-
ered as visual symbols or tropes. However, even in apparently simple cases like
these, decomposing visual elements can be challenging, given that components
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of images are not delivered in delimited parts. Sometimes, satellites might seem
insignificant or unnoticed and it is the text that outlines their conceptual dimen-
sion. In such cases, it is the interaction between the visual content and the text that
brings the relevant visual message elements into existence (Bateman 2014,173).
For example, the picture of faded roses is symbolic thanks to the text:

(1) “The end of something beautiful...or out with the old? #Brexit”,

but would be indexical with a text like “I bought these flowers last Tuesday and
they have already wilted.” For this reason, we systematically went back and forth
between the text and the image of each post to determine whether the image could
be considered as a conceptual representation, as well as whether image, text, or
indeed both, were loaded with emotion in relation to Brexit. Continuous back
and forth between text and image were coupled with back and forth between
the three models. In other words, we first analyzed to what extent and how these
posts contained inscribed, signalled and/or supported emotion using Micheli’s
model. Then, we analyzed the narrative and/or conceptual representations in
these posts based on Kress and van Leeuwen’s approach. Like a feedback loop, we
then revisited the analysis of emotion, to potentially refine it based on the analysis
of the narrative and conceptual representations. Finally, we identified the logico-
semantic relations between text and image with a simplified version of Kong’s
taxonomy, due to some boundary issues between the subcategories under elabo-
ration. In Kong’s case study, some elements are loosely coded as both specification
and identification; some other elements are coded as explanation, even though
the differences between them are not specified. These ambiguities need further
investigations that go beyond the scope of this research. For these reasons, in our
research, expansion consists of three categories: elaboration (explanation of exist-
ing image by text and conversely, i.e. ‘in other words’), enhancement (additional
information between text and image) and extension (new information between
text and image).

Micheli’s model has been slightly adapted to visual content. Inscribed emo-
tion in image can consist of symbols of emotion (e.g., tears), facial expressions
(like in most multimodal emotion analysis presented above), as well as of emotion
terms included in the visual content, such as in pictures of signs or words inte-
grated in drawings. In such cases, the visual content is itself multimodal. We are
of the opinion that signalled emotion does not have an equivalent in visual con-
tent. Visual modality is a notion close to visually signalled emotion but it can-
not be mistaken. In Bourlai and Herring’s analysis of Tumblr posts, some of the
markers fall within the concept of signalled emotion: capitalization of words, rep-
etition of letters, punctuation, as well as bold or italic fonts in text. However, in
their research design, these markers are considered as modality markers, which
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allow the research to code the intensity of inscribed emotion, but not (signalled)
emotion as such. In our view, they can also reveal emotion in their own right,
through highlighting the effects of emotion on discourses (i.e. signalled emotion),
even if emotion terms are absent. Parallel to these linguistic markers, they coded
two visual markers, namely “intense movements and facial expressions” (2014,
3). These two markers are also modality markers. Research on multimodality
offers many insights about modality in multimodal content (e.g., Kress and Van
Leeuwen 2006; Machin 2007), but, again, modality does not correspond to sig-
nalled emotion and does not provide markers to code signalled emotion in visual
content.

By contrast, supported emotion can be outlined in visual content. In
Example 3, the torn Union Jack highlights the consequences of the outcome of the
referendum on the unity of the United Kingdom (one of Micheli’s criteria for sup-
ported emotion, cfr supra).

. Ariela Spalla 114 0 [o} Uploaded on June 24, 2016
~ #brexit #uk #europe (©) ailrights reserved

Image 1. Supported emotion through image: Focus on the disunity of the United
Kingdom as the cause of emotion (Example 2)

To summarize, our model of analysis is constructed as followed:

- Layers of emotion
- Inscribed emotion in visual content and/or in text
- Signalled emotion in text
- Supported emotion in visual content and/or in text
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- Representations
- Narrative representations in visual content and/or in text
- Material processes
- Behavioural processes
- Mental processes
- Verbal processes

- Conceptual representations in visual content and/or in text
- Relational processes
- Attributive (intensive, circumstantial or possessive)
- Identifying

- Existential processes

- Text-image relations
- Expansion
- Elaboration: explanation of existing content image by text and vice
versa (no new information)
- Enhancement: additional information
- Extension: new information

- Projection
— Decoration

One annotator manually coded the layers of emotion in text and in image. To
address the issue of single-coding reliability, the corpus was coded twice with
an interval of one month in between the coding sessions (Kouper 2010). The
Cohen’s kappas indicate a substantial level of agreement between the two codings
(k between .784 and .798).

The analysis of the narrative and conceptual representations as well as that of
the text-image logico-semantic relations was exclusively qualitative, with a view to
gaining finely-grained insights.

4. Results

The analysis of emotion in multimodal posts enabled us to identify the three sets
of patterns below. They are structured according to the roles of the visual repre-
sentations to inscribe or support emotion. The first results are quantitative find-
ings about the prevalence of the three layers of emotions. The results that follow
are qualitative insights into how emotion is expressed in text-images relations
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through expansion, projection and/or decoration, with narrative and/or concep-
tual representations.
Layers of emotion in image and text

25% of the corpus comprises no emotion in image (only in text); 12% of the corpus
comprises inscribed emotion in image and 65% comprises supported emotion in
image (see Table 1).

Tabla 1. Occurrence of patterns of emotion in image and text

Set of patterns 1 (total=25%)

In image In text %

No emotion + Inscribed emotion 6
Signalled emotion 4
Supported emotion 5
Inscribed and signalled emotion 0
Inscribed and supported emotion 7
Signalled and supported emotion 1
Inscribed, signalled and supported emotion 2

Set of patterns 2 (total =12%)

In image In text %

Inscribed emotion  + No emotion 2
Inscribed emotion 4
Signalled emotion
Supported emotion 2
Inscribed and signalled emotion 1
Inscribed and supported emotion 1
Signalled and supported emotion 1

Inscribed, signalled and supported emotion o

Set of patterns 3 (total=63%)

In image In text %
Supported emotion + No emotion 3
Inscribed emotion 5
Signalled emotion 2
Supported emotion 28
Inscribed and signalled emotion 0
Inscribed and supported emotion 10
Signalled and supported emotion 10

Inscribed, signalled and supported emotion 5
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The three patterns of emotion in image (no emotion, inscribed, supported) are
combined in seven patterns of combination of inscribed, supported and signalled
emotion in text. The most prevalent pattern is the combination of supported emo-
tion in image and supported emotion in text (28%). The other most prevalent pat-
terns also include supported emotion in image and text: 10% of the occurrences
consist of inscribed and supported emotion in text, as well as 10% of signalled and
supported emotion.

In total, inscribed emotion is present in the text of 41% of the corpus. In these
41%, emotion is textually exclusively expressed through inscribed emotion in 15%
of the corpus (6% with no emotion in image, 4% with inscribed emotion in image
and 5% in supported emotion in image. Table 1 also reveals that the combination
of the three layers in text is rather limited: only in 7% of the corpus (2, o and
5%, respectively). In total, supported emotion is present in the text of 71% of the
corpus.

Set of patterns 1: Visual representations that do not contain any marker of
emotion

In these posts, the image consists of neutral symbols, including neutral UK or EU
flags (as opposed to torn flags, for instance) and does not inscribe or support emo-
tion. Therefore, emotion is only inscribed, signalled and/or supported through
text. The text-image relation falls within decoration: the image does not provide
any information and only fulfils a function of visual decoration for a text that is
independent of the image, as in the example below:

(3) Picture of a cushion with the British flag + “Not even God could save England
from another #Brexit... now the humiliation is complete... #sorry #european-
championship #ekao16 #ek #2016 #england #theylost #aurevoir #byebye
#totziens #godsavethequeen #englishflag #flag #flags #nationalflag

In this post, the author inscribes her emotion with the emotion terms “sorry” and
supports her emotion with analogies with the defeat and the resulting humiliation
during the Euro2016 championship.

Set of patterns 2: Visual representations that inscribe emotion

In such posts, the visual content can consist of visual representations of symbols
of emotions (e.g., tears, smile), as well as of images of emotional behaviours (e.g.,
a person crying or jumping for joy). Pictures of emotion words also fall within
visually, conceptually inscribed emotion (e.g., picture of a tea cup with the word

‘happy’).
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Such posts articulate layers of emotion in various text-image relations:

1. Elaboration of visually inscribed emotion through no emotion in text: the text
explains the image but does not carry any emotion, e.g., a post with a picture
of someone with her head in her hands and the text “Brexit effects”.

2. Elaboration of visually inscribed emotion through inscribed emotion in text:
the locutor inscribes the visual emotion in text, e.g. a post with the image of
tears and the text “so sad” By doing so, the text echoes the image (or vice
versa).

3. Extension of visually inscribed emotion through inscribed emotion in text:
inscribed emotion in image is coupled with new information, i.e. another
emotion, inscribed in text. For example, a post with the stars of the European
Union flag changed into yellow tears, which symbolize sadness, and the text
“Sorry to see you go after Brexit”. In that case, two emotions (i.e. sad and sorry
feelings) are inscribed, in image and text, respectively.

4. Extension of visually inscribed emotion through supported emotion in text:
inscribed emotion in image is coupled with supported emotion in text that
provides new information, as opposed to additional information through
elaboration. For example, a post contains the picture of a girl crying and
the text “Britain, what have you done? #brexit #disaster” extends this visually
inscribed sadness with another issue, i.e. blaming the other camp. Emotion
is supported through arguments regarding responsibility of the Leave camp,
and the word “disaster” can be considered as carrying affective meaning (sig-
nalled emotion). Indeed, Brexit cannot be factually considered a disaster; this
emotionally-loaded term rather reveals the locutor’s emotion.

5. Extension of visually inscribed emotion through inscribed and supported
emotion in text: same as pattern 3 with the addition of emotion terms, e.g.,
“Britain, what have you done? #brexit #disaster. So sad.”

These patterns are constructed with various combinations of conceptual and nar-
rative representations, in image and text. In the example in pattern 1, the image
can be seen as narrative: it contains the unfolding action of holding one’s head
in one’s hands. The text could be narrative as well and focus on the narrative
aspect of the image with indications like “This woman has her head in her hands’
Rather, the text consists of conceptual representations that identify the image:
negative emotion in image corresponds to Brexit effects. With identifying clauses,
the order of the participants can be reversed, namely the image corresponds to
Brexit effects, or Brexit effects correspond to the image. In the example in pat-
tern 2, visual conceptual representations and narrative linguistic representations
are combined: the mental process of sadness is conceptualized in the conceptual
image and extended with a narrative representation/mental process (“Sorry to see
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you go after Brexit”). In the example in pattern 4, the text is composed of a narra-
tive representation/material process (“Britain, What have you done?”) as well as
of a conceptual representation/intensive process (#Brexit#disaster).

Set of patterns 3: Visual representations that support emotion

When we look at the most prevalent types of image-text combination used to
express emotion, it appears that supported emotion is predominant in the visual
as well as in the linguistic parts of the posts. Five types of common metaphorical
images are prevalent in the corpus: fences and storms (both 10% of the corpus),
sinking or falling objects (7.5%), dawns (6%) and torn British flags (4.5%).
Together, they constitute over one third of the corpus. Beyond these culturally
shared metaphors, it was striking to discover the high number of metaphorical
images that do not belong to our collective background and that acquire a
metaphorical meaning thanks to their authors’ creativity. For example, a post
was composed of a picture of the facade of a building, which metaphorically
represents the gentle curves which the author of the post hopes Brexit will be
(Example 4).

(4)

Cosimo Matteini 1670 32 13 Taken on May 29, 2016
gentle curve © Aurighis reserved
=) ny photas in the pe:

Image 2. Example of Brexit-related metaphorical meaning of the image through
text (Example 4)
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In such cases, the text is fundamental to validate interpreting hypotheses and to

understand the metaphoric connection with Brexit, which would otherwise go

completely unnoticed.

A post can contain several patterns. For example, a post contains a picture of

fences and its text mentions

(5) “What the oncoming Brexit feels like to me. Britain as a Gulag where the hang-

ers and floggers have taken over for their selfish interests.”

We observed two patterns in this post:

1.

Elaboration of visually supported emotion through inscribed emotion in text:
in these posts, the text explains the image. In this example, the clause “What
the oncoming Brexit feels like to me” explains what the image means.
Enhancement of visually supported emotion through signalled and supported
emotion in text: the text gives extra details about the author’s emotion, with
signalled emotion through the use of affective meanings (“hangers and flog-
gers”), together with supported emotion, through the criteria of responsibility
and of the consequences. This is considered as additional information about
the gulag, which is visually represented by the fence. By contrast, new infor-
mation (extension) consists of information that has not been presented in the
image, as we will see in pattern 4 below.

The three patterns below, observed in the other posts, consist of:

3.

Elaboration of visually supported emotion through no emotion in text: such
posts do not contain either emotion terms (inscribed emotion) or evaluation
(supported emotions). For example, a post with the picture of a closed fence
and the text “Brexit. a bad metaphor???”. In this example, the text does not
explain any emotion. Only the three question marks signal the effects of emo-
tion (signalled emotion) but do not explain the emotion.

Extension of visually supported emotion through supported emotion in text:
the text extends image through adding information that has not been pre-
sented in the image. For example, in another post with a fence as image,
the text is “Broken Britain. No bacon butties post Brexit for me - damn you
Farage....”. Here, the issue of the closure of the United Kingdom to the Euro-
pean union symbolized by the fence is not covered in text, in favour of other
issues, namely the consequences (“Broken Britain”) and Farage’s responsi-
bility. Besides, the use of the expression “damn you” can be considered as a
marker of signalled emotion.

Extension of visually supported emotion through inscribed and supported
emotion in text: same as pattern 4 with the addition of emotion terms, e.g.,
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“Broken Britain. No bacon butties post Brexit for me — damn you Farage......
So angry”.

As those in the second set, these patterns are constructed with various combina-
tions of conceptual and narrative representations, in both image and text. Firstly,
some posts only combine conceptual representations in image and text. Where
there are explanations, the text can fulfil the identifying function. For example,
a post contains a torn UK flag and the text “shape of things to come?”. Here, one
participant lies in the image and the other in the text, meaning a torn UK might
correspond to the shape of things to come, or the shape of things to come might
correspond to a torn UK. Other posts are only composed of conceptual/attribu-
tive elements. For example, a post with the conceptual image of the Union Jack
from a low angle is coupled with the series of hashtags

(6) “#freedom #liberty #populism #independence #sovereignty #brexit #greatbri-
tain #unitedkingdom #britain #antiglobalism”.

These hashtags work either as intensive elements (e.g., #freedom or #indepen-
dence) or as circumstantial ones (e.g., #unitedkingdom).

Secondly, many posts combine a conceptual image with narrative linguistic
representations. In such cases, linguistic material processes often serve to support
emotion, like in the clause “the hangers and floggers have taken over for their self-
ish interests” in the example above.

Thirdly, some posts combine narrative images and texts, e.g., a post with the
picture of a man goings downstairs and the text “Brexit... going down” Both
the image and the text are narrative (unfolding action of going down). In such
cases, text and image echo each other to support emotion (criterion of the conse-
quences).

Interestingly, no posts from our corpus contain a narrative image combined
with linguistic conceptual representations. When images are narrative, they are
always combined with narrative linguistic representations, which are sometimes
coupled with linguistic conceptual representations.

5. Discussion and conclusion

In this paper, we addressed Bateman’s major issues on multimodal analysis (see
above). On the one hand, we ensured that we did not only offer a classification
that allows us to identify text-image combinations but that says little about how
these combinations operate to create meaning. Instead, we conceived a model that
articulates three levels of analysis, in order to understand how meaning oper-
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ates, namely how inscribed, signalled and/or supported emotion is expressed
in narrative and/or conceptual representations, in image and in text, through
logico-semantic relations of expansion, projection and/or decoration. On the
other hand, we conceived a model and we tested it empirically, on a corpus of
173 posts. By doing so, we identified patterns and their prevalence. Our quantita-
tive results reveal that emotion is very often supported through images and more
rarely inscribed in images. In just over one in 10 posts, people denote an emotion
(i.e. inscribed emotion) through the visual content. Emotion is supported in the
visual content of 63% of the corpus. Inscribed emotion in the text is much more
frequent than inscribed emotion in the image, namely in the text of 41% of the
corpus. However, this is much lower than supported emotion, which is expressed
in the text of 71% of our corpus. The prevalence of supported emotion compared
to inscribed emotion is not surprising, given that supported emotion is a much
broader layer than inscribed emotion, which is restricted to denoted emotion.
Analyzing supported emotion through deductive inference leaves some room for
subjective interpretation. After all, it is not always easy to determine whether argu-
ments of appreciation or judgment fuel emotion or not, especially when these
arguments are limited in size, as it is often the case on social media. For exam-
ple, the text of a post is composed of the question “EU on the Scaffold? Running
away’, with the picture of a kid running. In this case, it is rather difficult to deter-
mine whether this post reveals positive or negative emotions, and hence whether
this post can be considered as an emotional one through supported emotion. That
said, such cases were rather rare in our corpus: when the text does not clearly sup-
port emotion, the symbolic visual content does so in most cases. Besides, focusing
only on denoted emotion would exclude a rich range of modes of affective expres-
sion (e.g., Bednarek 2008,152).

Our findings also reveal that a third of the images are based on visual symbols
and tropes, which belong to cultural heritage (grids, storm, dawn, objects repre-
senting break, etc.). When used in the context of Brexit, they anchor their mean-
ing in a particular context and suspend their circulation between signs, which has
allowed them to accumulate emotional value over time. In this way, they form
a significant part of affective economies (Ahmed 2004). Like memes or hash-
tags, such affective posts are structures of feelings that are “organized enough to
facilitate sharing, yet open enough to permit differentiated classes of people to
locate meaning in them and further infuse them with meaning. They are loosely
demonstrative of the mood of the time, or kairos, and as such, are socially solvent”
(Papacharissi 2015,116).

Surprisingly, a large proportion of the visual content is composed of
metaphorical images which do not belong to our collective background and
which acquire a metaphorical meaning thanks to their authors’ creativity. In such
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cases, the text elaborates, i.e. explains the image, with inscribed and/or supported
emotion. This reveals how Flickr is particularly used as an online place to share
creative photography practices, even in a context of political turmoil.
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